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Abstract 

In recent years, the digitalisation of economies and societies has led to an explosion of data 
sources (geospatial data, citizen-generated data, administrative and survey microdata, mobile 
positioning data, transaction data, etc.), coupled with increasing computing capacity to exploit 
them. The OECD is increasingly using different data sources for evidence in its analytical and 
quantitative work. Combining this data with data collected from its member countries provides 
the Organisation with the potential to generate new, timelier, and more granular evidence and 
information for citizens, analysts and policy makers. Along with these opportunities, evidence 
based on various data sources also entails important quality challenges that extend beyond 
the traditional quality criteria and require to reconsider the quality assurance framework and 
widen its scope. This paper presents some lessons from the OECD experience in developing 
a renewed quality assurance framework covering different data sources and aligned with the 
need to ensure that its data and statistics remain of high quality and continue to command 
public trust. The review of a sample of criteria included in frameworks, guidelines, and 
recommendations released by international organisations and national statistics offices, 
enabled the compilation of a list of quality criteria and the identification of groups by similarity. 
The definitions within each relevant group were analysed to revise the definitions of the quality 
criteria incorporated into the revision process for the OECD quality assurance framework. This 
paper presents this journey, the challenges and the main outcomes of this analysis and the 
revised definitions of quality criteria within the OECD quality assurance framework. It highlights 
the key role of metadata, the need to build a culture of continuous improvement, to develop 
quality metrics to measure progress over the data lifecycle, and to what extent artificial 
intelligence could support quality management. Although still in progress, this work already 
provides important insights into the quality of different data sources and highlights the need for 
the producers of official statistics to update their quality assurance framework and potentially 
other frameworks (data governance, ethics) in order to unlock the potential of these various 
data sources while maintaining user trust. 
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1. Introduction 

The Organisation for Economic Co-operation and Development (hereafter the OECD or the 

Organisation) is a unique forum and knowledge hub for data, analysis and best practices to 

support evidence-based policies. With 38 member countries, the OECD works with over 100 

economies across the world to find evidence-based solutions to social, economic, and 

 

1 The ideas and opinions expressed in this paper are those of the authors and do not represent the 
official views of their current of past organisations or their member countries. 



 

 

 

  

environmental challenges. Working closely with policy makers, stakeholders, and citizens, the 

OECD establishes international standards and supports their implementation helping to shape 

better policies for better lives, its core mission. 

Maintaining the high quality of its statistics and data is vital for the Organisation, whether 

this applies to existing statistical activities or to any of the new areas of research and analysis 

that are regularly added to the work programmes of OECD committees and working parties 

and that result in new statistical data collections. To that end, and for over two decades, the 

OECD has relied on its Quality Framework and Guidelines for OECD Statistical Activities 

(hereafter the 2011 OECD QF) (OECD, 2011), first released in 2003 and later revised in 2011. 

The 2011 OECD QF states that, for an international organisation such as the OECD, the 

quality of statistics disseminated depends on two aspects, the quality of national statistics 

received, and the quality of internal processes for collection, processing, analysis, and 

dissemination of its data and metadata. While these two aspects remain fundamental to quality 

assurance, the data ecosystem has changed dramatically since 2011 and continues evolve 

rapidly, leaving no data-driven and evidence-based organisation immune to these changes. 

The digitalisation of economies and societies has led to an explosion of data sources 

(geospatial data, citizen-generated data, administrative and survey microdata, mobile 

positioning data, transaction data, etc.), coupled with increasing computing capacity to exploit 

them. The OECD is increasingly using different data sources for evidence in its analytical and 

quantitative work, which entails important quality challenges that extend beyond the traditional 

quality criteria and require to reconsider the quality assurance framework and widen its scope. 

This paper presents some lessons from the OECD experience in developing a renewed 

quality assurance framework covering different data sources and aligned with the need to 

ensure that its statistics and data remain of high quality and continue to command public trust. 

The paper is organised as follows. Section 2 presents the 2011 OECD QF further highlighting 

the need for its revision. Section 3 describes the methodology that was adopted for its revision. 

Section 4 presents key outcomes from this process, notably, the proposed revised definitions 

of quality criteria, followed by a discussion in Section 5. Section 6 concludes with some 

reflections on the journey and future direction. 

2. The 2011 OECD Quality Assurance Framework 

The OECD QF was first released in 2003 and later revised in 2011, leading to the existing 

2011 OECD QF still used in practice for assessing OECD statistical products and to guide 

internal processes for collecting, processing, analysing, and disseminating OECD data and 

metadata. The 2011 OECD QF consists of four elements: 



 

 

 

  

(1) a definition of quality and its dimensions; 

(2) a procedure for assuring the quality of proposed new statistical activities; 

(3) a procedure for evaluating the quality of existing statistical activities on a regular 

basis; and 

(4) a set of broad principles on which OECD statistical activities are to be conducted 

and quality guidelines covering all phases of the statistical production process. 

Although the entire structure and content of the 2011 OECD QF are being revised, the 

scope of this paper is focused on the revision of its first element, that is, the definition of quality 

and its dimensions. 

The concept of quality as applied to statistics and data, initially equated with accuracy, has 

evolved into a multidimensional concept now widely adopted by the international statistical 

community. The 2011 OECD QF defines quality in terms of seven quality dimensions (listed in 

alphabetical order): accessibility, accuracy, coherence, credibility, interpretability, relevance, 

and timeliness (and punctuality). In addition, cost-efficiency is also defined as an important 

factor to consider in the possible application of one or more of these seven quality dimensions 

while, admittedly, cost-efficiency is not a quality dimension per se. 

At the time of the 2011 OECD QF revision, the OECD capitalised on the work that had 

already been undertaken by the international statistical community (both at national and 

international levels) to apply this multidimensional concept of quality to its statistics and data. 

The 2011 revision of the 2003 OECD QF thus “avoided ‘reinventing the wheel’ by adapting 

existing definitions and approaches to the OECD context” (OECD, 2011, p. 5). 

In fact, the main recommendations from the review of the 2003 OECD QF leading to the 

2011 revised version were that “the main quality dimensions remained valid but that the 

Framework required improvement to: (i) better take into account the users’ perspective; (ii) 

make review procedures more effective and less burdensome for statistical programme 

managers; and (iii) better reflect statistical, technological and institutional changes that have 

taken place since the Framework was first issued” (OECD, 2011, p. 2). 

Seemingly, these three recommendations remain applicable today for the ongoing revision 

of the 2011 OECD QF. However, several key developments since 2011 have underlined the 

need to rethink quality assurance frameworks more generally, and the OECD one more 

specifically, and have prompted the consideration of a new approach to developing quality 

assurance frameworks. Discussion on the first two recommendations as they apply to the 

ongoing revision of the 2011 OECD QF is beyond the scope of this paper. By focusing on the 

third recommendation, a brief description of the statistical, technological and institutional 

changes that have taken place since the 2011 OECD QF follows. 



 

 

 

  

2.1 Institutional Changes – OECD Legal Instrument on statistics 

In 2015, the OECD Council (the OECD's decision-making body) adopted the OECD 

Recommendation on Good Statistical Practice (hereafter the Recommendation) (OECD, 

2015). Recommendations adopted by the OECD Council are not legally binding but rather 

“represent a political commitment to the principles they contain and entail an expectation that 

Adherents will do their best to implement them” (OECD, 2026a). Adherence to the 

Recommendation is open to OECD non-Members, requiring an OECD review of the country’s 

national statistical system prior to adherence. 

The Recommendation is the first OECD legal instrument concerning statistics and it is key 

for the quality of the OECD work and beyond. In accordance with Article 3 of the OECD 

Convention, where OECD Members agreed to “furnish the Organisation with the information 

necessary for the accomplishment of its tasks” (OECD, 1960), the Recommendation reflects 

the fact that the quality of statistics is fundamental for the quality of evidence-based analytical 

work of the Organisation and for the quality of statistical publications and databases produced 

by the OECD. 

The Recommendation contains twelve specific recommendations, and each specific 

recommendation is supplemented by a set of indicative good practices, which together provide 

a framework for examining the implementation of the Recommendation in practice. The 

implementation and continued relevance of the Recommendation is assessed every five years, 

and the results of this assessment are reported to the OECD Council, with the first reporting 

having taken place in 2020 (OECD, 2020) and the next reporting taking place later in 2026. 

Recently, the OECD  adopted other relevant recommendations including on artificial 

intelligence (OECD, 2019), and on enhancing access to and sharing of data (OECD, 2021). 

The new OECD QAF should co-exist and align with these legal instruments and other 

institutional guidelines.  

2.2 Statistical and Technological Changes – OECD Data Ecosystem 

The OECD statistics and data activities are decentralised with OECD Directorates responsible 

for the subject-matter statistics and data under their respective policy areas (e.g. education, 

environment, economy, health, etc.). In addition, cross-cutting policy areas (e.g. globalisation, 

digitalisation, sustainability, well-being, etc.) require horizonal policy initiatives that should be 

enabled – and not constrained – by the OECD statistical system, irrespective of its 

decentralised nature. 

The OECD Smart Data Strategy was launched in 2019 as an Organisation-wide initiative to 

modernise the OECD’s statistics and data while ensuring that the core value of providing 

trusted, quality evidence for developing sound policies continues (OECD, 2026b). 



 

 

 

  

Concurrently, demand for new evidence to address new policy questions has increasingly 

required tapping into alternative (and emerging2) data sources to complement existing 

evidence with more granular and timelier data. As stated in the OECD Smart Data Strategy 

Vision Statement (OECD, 2026c), “Smart Data requires us to think and act as a part of the 

broader data ecosystem, and hence actively cultivate and invest in this ecosystem.” 

Accordingly, the OECD Smart Data Strategy has set two broad goals: 

(1) Integrating the Data Cycle: moving away from obsolete tools, as well as from 

fragmented processes towards pooling of resources, mutualisation and automation 

of data tasks, as well as data harmonisation; and 

(2) Embracing Smart Data: using alternative data sources and new data techniques to 

increase the breadth, granularity and timeliness of the evidence supporting policy 

analysis. 

To achieve these goals, the OECD Smart Data Strategy identifies six interconnected areas 

for continued innovation and investment, namely: (i) data governance; (ii) data sourcing; (iii) 

data platform; (iv) data quality; (v) data skills; and (vi) data dissemination and communication. 

The new OECD QAF should seamlessly integrate into and enhance this interconnected, and 

decentralised, corporate data ecosystem. 

3. Towards a new OECD Quality Assurance Framework 

Section 2 provided a brief overview of the existing OECD QAF, highlighting key OECD 

institutional, statistical, and technological changes since its last revision in 2011. These 

changes reflect the pressing need to revisit the existing OECD QAF and have laid the initial 

groundwork for its renewal. 

The new OECD QAF relies on four foundational operational pillars as follows: 

(1) Policing and coordinating (governance) 

(2) Defining (quality objectives) 

(3) Implementing (toolkit) 

(4) Monitoring (quality reviews) 

The key institutional developments discussed under Section 2, such as the 

Recommendation and other relevant OECD legal instruments as well as the OECD Smart Data 

Strategy, are reflected under the first pillar (Policing and coordinating). As the focus of this 

 

2 For example, the OECD is a founder member of the Development Data Partnership (Development 
Data Partnership, 2026), which is a public-private collaboration between international organisations and 
technology companies facilitating the use of data that are increasingly generated by the private sector 
to complement traditional public-sector data collection methods with the aim of improving public policy 
and the provision of public infrastructure and services. 



 

 

 

  

paper is on the journey towards the new OECD QAF, the discussion on the third pillar 

(Implementing) and the fourth pillar (Monitoring) is beyond its scope. 

This section, therefore, focuses on the second pillar (Defining). In the subsections that 

follow, two key considerations related to the two broad goals of the OECD Smart Data Strategy 

(Integrating the Data Cycle and Embracing Smart Data) are briefly introduced in relation to the 

new OECD QAF, followed by a description of the adopted defining methodology. 

3.1 Quality Dimension versus Quality Objective 

The OECD data lifecycle is aligned with the Generic Statistical Business Process Model 

developed by the United Nations Economic Commission for Europe (United Nations Economic 

Commission for Europe, 2025), and adapted to the OECD context (related to the first goal of 

the OECD Smart Data Strategy Integrating the Data Cycle). In broad terms, the OECD data 

lifecycle covers four phases: input, process, output and evaluate. The main aim is to integrate 

quality measurement into each phase, with continuous quality evaluation throughout the entire 

data lifecycle (see Figure 3). 

It is important to note that the emphasis is on measuring quality, so that it can be monitored, 

assured, and improved. Clear quality measurement can also better enable reporting and 

communicating on quality. While integrating quality in the data lifecycle is not a novel concept, 

the new OECD QAF aims to make this integration more explicit. 

To that end, a seemingly minor but important semantic change was adopted. While the 

2011 OECD QAF refers to quality dimensions, the new OECD QAF refers to quality 

objectives.3 Drawing from the S.M.A.R.T. (Specific, Measurable, Attainable, Relevant, and 

Time-related) criteria for objective setting, it can be seen that, while both a quality dimension 

and a quality objective could be relevant and subject to time-related factors, a quality 

dimension is descriptive in nature, may only be measurable to some extent, and is not 

outcome-oriented. This contrasts with a quality objective, for which specific outcomes could be 

set, with measurable indicators, aiming for realistic and feasible results. Table 1 below 

summarises the contrast between the two terms based on the S.M.A.R.T. criteria. 

Table 1: Contrasting the S.M.A.R.T. criteria between a quality dimension and a quality objective. 

S.M.A.R.T. Criteria Quality Dimension Quality Objective 

Specific Descriptive quality characteristics Specific quality outcomes 

Measurable Measurable to some extent Measurable quality indicators 

 

3 This shift in terms, from quality dimension to quality objective, was first introduced in the 2019 
OECD Smart Data Quality Framework (internal document). 



 

 

 

  

Attainable Not outcome-oriented Realistic and feasible results 

Relevant ✓ ✓ 

Time-related ✓ ✓ 

 

This change in terms, from quality dimension to quality objective, conceptually signals the 

intention to set reasonable quality assurance goals and measure progress toward achieving 

them. 

3.2 Common versus Specific Quality Objectives 

Alternative data sources and new techniques and technologies are constantly emerging 

(related to the second goal of the OECD Smart Data Strategy Embracing Smart Data). They 

have the potential of unlocking new evidence to support policy analysis; however, they also 

entail important quality challenges that extend beyond the traditional quality criteria. While it is 

impossible to be exhaustive, the new OECD QAF aims to incorporate these alternative data 

sources and new techniques and technologies, on a continual basis. Moreover, the rapid pace 

with which these changes are occurring requires the new OECD QAF to be flexible and 

adaptable, practically instantly, to this dynamic data environment. 

To that end, a modular approach for the quality objectives of the new OECD QAF was 

adopted (see Figure 3). First, it is important to recognise that some traditional quality criteria 

continue to apply irrespective of the data source, technique or technology used (e.g. 

Accuracy). In the modular approach, these quality criteria are referred to as common quality 

objectives. Second, as increasingly more varied data sources emerge or techniques and 

technologies are being developed, entirely new quality criteria may need to be considered. 

These new quality criteria may be formed by adapting the traditional quality criteria, combining 

several traditional quality criteria into a newly defined one, or by introducing entirely new quality 

criteria specific to a given data source, technique or technology. In the modular approach, 

these quality criteria are referred to as specific quality objectives. 

A rigorous process involving extensive internal and external consultations was used to 

incorporate alternative data sources and new technologies such as artificial intelligence into 

the new OECD QAF.. Instead, the current paper focuses on the process to identify and define  

common quality objectives, which are considered the basic building blocks of the expanded 

scope of the  quality assurance framework.  



 

 

 

  

3.3 Methodology for Defining Common Quality Objectives 

Figure 1 below illustrates the 5-step methodology used to define a set of common quality 

objectives for the new OECD QAF. In the subsections that follow, a brief description of each 

of the five steps is provided. 

Figure 1: The 5-step methodology used to define a set of common quality objectives 
for the new OECD QAF. 

 

 

3.3.1 Step 1: Identify quality-related concepts 

The first step consisted in reviewing a sample of existing frameworks, guidelines, and 

recommendations and compiling a list of quality-related concepts referenced in these 

materials. The sample, while non-exhaustive, represented relevant material from the OECD, 

regional, international and national statistical systems of OECD Members as follows: 

(1) OECD statistical system, e.g. the Recommendation, the OECD Smart Data Quality 

Framework (internal document) developed in 2019 as part of the OECD Smart Data 

Strategy 

(2) European statistical system, e.g. Quality Assurance Framework of the European 

Statistical System (European Commission, 2019) 

(3) International statistical system, e.g. quality assurance frameworks from the United 

Nations family of institutions including: 

i. International Monetary Fund Data Quality Assessment Framework – Generic 

Framework (2012) 

ii. United Nations National Quality Assurance Frameworks Manual for Official 

Statistics (2019) 

iii. Food and Agriculture Organization of the United Nations Statistics and Data 

Quality Assurance Framework (2023) 



 

 

 

  

iv. United Nations Trade and Development (UNCTAD) Statistics Quality 

Assurance Framework (2023) 

v. United Nations Children’s Fund Data Quality Framework (2021) 

vi. United Nations Economic Commission for Europe Big Data Quality 

Framework (2014) 

(4) National statistical systems of OECD Members, e.g. United States (Federal 

Committee on Statistical Methodology, 2020), Canada (Statistics Canada, 2019) 

The 50 quality-related concepts, listed in alphabetical order, that were identified by the 

review of the sampled material from the various statistical systems are presented in Table 2 in 

the Results section below. 

3.3.2 Step 2: Group quality-related concepts by similarity 

The second step consisted in grouping the quality-related concepts identified in Step 1 by 

similarity, e.g. grouping explainability with interpretability, coherence with consistency, etc. It 

is important to note that this discrete categorisation of the quality-related concepts is rather 

imperfect and remains subjective, as the concepts can be overlapping, but this process  

enabled to identify underlying principal quality criteria. The resulting 13 groupings of the 50 

quality-related concepts are presented in Table 3 in the Results section below (Column A). 

3.3.3 Step 3: Determine standalone quality objectives 

The third step consisted in determining whether each of the identified groupings in Step 2 

represents a standalone quality objective. A standalone quality objective is a self-contained 

quality objective representing a basic, independent, building block of quality objectives, which 

can be further combined to derive more complex quality objectives. Of the 13 groupings, eight 

were determined to represent a standalone quality objective as presented in Table 3 in the 

Results section below (Column B). 

3.3.4 Step 4: Select quality objectives for inclusion in the new OECD QAF 

The fourth step consisted in determining whether each of the standalone quality objectives 

determined in Step 3 should be included in the new OECD QAF. Of the eight identified 

standalone quality objectives, seven were selected to be included in the new OECD QAF, as 

shown in Table 3 in the Results section below (Column C). 

3.3.5 Step 5: Define selected common quality objectives 

The fifth and final step consisted in analysing the respective definitions of the quality-related 

concepts within a grouping from the set of reviewed frameworks, guidelines, and 

recommendations (if available) and defining the quality objectives in accordance with this 

analysis and preestablished definition criteria, in particular, that the definition should: 

(1) clearly apply to both statistics and data; 



 

 

 

  

(2) encompass all stages of the data lifecycle; 

(3) allow for the quality objective to be measured; 

(4) allude to continuous improvement; and 

(5) be concise and precise. 

4. Results 

Following the methodology presented in Section 3, Table 2 below lists the 50 quality-related 

concepts identified from the reviewed material (Step 1). 

Table 2: The 50 quality-related concepts, listed in alphabetical order (top-to-bottom, left-to-right), 
identified by the review of the sampled material from the various statistical systems. 

Quality-related concepts 

Accessibility Complexity Findability 
Non-excessive 
burden on 
respondents 

Security 

Accuracy Compliance Frequency Periodicity Serviceability 

Adequacy of 
resources 

Conformity Granularity Precision Sound methodology 

Alignment with 
international 
standards 

Consistency 
Impartiality and 
objectivity 

Professional 
independence 

Statistical 
Confidentiality 

Appropriate 
statistical 
procedures 

Cost-efficiency Inclusion/inclusivity Punctuality Timeliness 

Clarity Coverage Interoperability Quality of metadata Transparency 

Coherence Credibility Interpretability Relevance Trust/trustworthy 

Commitment 
to quality 

Efficiency Linkability Reliability Understandability 

Comparability Ethics 
Machine to machine 
readability 

Reproducibility Usability/utility 

Completeness Explainability 
Mandate for data 
collection and access to 
data 

Scientific integrity Validity 

 

Next, Table 3 below presents the groupings of the quality-related concepts (Step 2, Column 

A), as well as whether each of these groupings represents a standalone quality objective (Step 

3, Column B) that should be included in the new OECD QAF (Step 4, Columns C). For the 

quality objectives that were selected in the new OECD QAF, the proposed quality objective 

titles are also included (Column D). 

Table 3: The common quality objectives examined and selected for inclusion in the new OECD 
QAF. 



 

 

 

  

No. 
Quality-related concepts, 
grouped by similarity (A) 

Standalone 
quality 

objective? (B) 

Selected for inclusion 
in the new OECD 

QAF? (C) 

Common quality 
objective (D) 

1 
Accessibility; Findability; Machine-
to-machine readability; Mandate for 
data collection and access to data 

Yes Yes Accessibility 

2 
Accuracy; Precision, Reliability; 
Validity 

Yes Yes Accuracy 

3 

Alignment with international 
standards; Appropriate statistical 
procedures; Comparability; 
Compliance; Conformity; Sound 
methodology; Scientific integrity 

Yes Yes 
Methodological 
soundness 

4 

Clarity; Explainability; 
Interpretability; Quality of metadata; 
Reproducibility; Transparency; 
Understandability 

Yes Yes Clarity 

5 Credibility; Trust/trustworthy Yes No  

6 Coherence; Consistency Yes Yes Coherence 

7 
Commitment to quality; Ethics; 
Impartiality and objectivity; 
Professional independence 

No   

8 
Completeness; Coverage; 
Granularity; Inclusion/inclusivity; 
Periodicity 

Yes Yes Completeness 

9 
Cost-efficiency; Efficiency; Non-
excessive burden on respondents 

No   

10 Frequency; Punctuality; Timeliness Yes Yes 
Timeliness and 
Punctuality 

11 Interoperability; Linkability No   

12 Security; Statistical Confidentiality No   

13 
Servicability; Relevance; 
Usability/utility 

No   

 

Figure 2 contrasts the selected seven common quality objectives for inclusion in the new 

(2026) OECD QAF to the quality dimensions from the 2011 OECD QAF. 

Figure 2: Contrasting the quality dimensions from the 2011 OECD QAF to the common 
quality objectives selected for inclusion in the new (2026) OECD QAF. 



 

 

 

  

 

The quality dimensions Credibility, Relevance, and Cost-efficiency have been dropped, and 

the new quality objectives of Completeness and Methodological soundness have been 

introduced in the new OECD QAF. The quality dimension Interpretability has now been 

reflected under Clarity. The remaining quality dimensions/objectives – Accessibility, Accuracy, 

Coherence, Timeliness and Punctuality – have been retained but with different definitions. 

Table 4 below presents the initial proposed definitions of the common quality objectives. 

The definitions are composed of three sub-elements, a short generic definition, a detailed 

description, and a set of related keywords. 

Table 4: The definitions of the seven common quality objectives, listed in alphabetical order, 
selected for inclusion in the new OECD QAF. 

Common quality objectives 

(Generic Definition (GD); Detailed Description (DD); Related Keywords (RK)) 

Accessibility 

GD: The accessibility of statistics and data is the degree to which the statistics and data can be 
easily obtained by different users. 

DD: The accessibility of statistics and data should be facilitated by access procedures that are 
as streamlined as possible and that consider different user perspectives including from non-
human (machine) users. Depending on the phase of the data lifecycle, the accessibility of 
statistics and data could refer to the ease of finding, sourcing, processing, reusing, exchanging, 
or archival retrieving the statistics and data by internal, external or third-party users. 
Irrespective of the phase of the data lifecycle or the targeted user group, the cost of accessing 
the required statistics and data in terms of money, time, or effort should be minimised. 

RK: Findability; Discoverability; Machine-readability; Interoperability; Processability 

Accuracy 

GD: The accuracy of statistics and data is the degree to which the statistics and data are error-
free. 

DD: The accuracy of statistics and data should be determined with respect to reference values 
representing the true or accepted correct values. There is no single overall measure of the 
accuracy of statistics and data. To the extent possible, sources of errors should be anticipated 
and accounted for at each phase of the data lifecycle. 



 

 

 

  

Common quality objectives 

(Generic Definition (GD); Detailed Description (DD); Related Keywords (RK)) 

RK: Reliability; Validity; Precision, Correctness; Exactness 

Clarity 

GD: The clarity of statistics and data is the degree to which the statistics and data, and 
associated metadata, can be easily understood and correctly interpreted by users. 

DD: The clarity of statistics and data should be reinforced by accompanying each phase of the 
data lifecycle with the appropriate type of metadata. These metadata, as “data about data”, 
should be fulfilling all data quality objectives. To the extent possible, the metadata should be 
accessible, accurate, clear, coherent, complete, aligned with standards, and timely and 
punctual. User guidance and support for interpreting and, potentially, properly using the 
statistics and data, should be provided and should be tailored to the level of expertise and 
experience of the respective user group. 

RK: Interpretability; Explainability; Quality of metadata; Transparency; Understandability; 
Reproducibility; Traceability 

Coherence 

GD: The coherence of statistics and data is the degree to which the statistics and data are 
logically connected and mutually consistent over multiple dimensions. 

DD: The coherence of statistics and data should be ensured within, between, and across all 
dimensions by which the statistics and data are organised and represented such as time, 
domains, and structural dimensions. Any deviations from known logical or consistent patterns 
should be identified and explained as early in the data lifecycle as possible and, to the extent 
feasible, eliminated. 

RK: Consistency 

Completeness 

GD: The completeness of statistics and data is the degree to which the statistics and data are 
granular and exhaustive to serve their intended purposes. 

DD: The completeness of statistics and data should be defined at the very beginning of the 
data lifecycle as a function of current and anticipated future user requirements. To the extent 
possible, the completeness of statistics and data should be maintained against other 
competing requirements that may arise throughout the data lifecycle (e.g., minimising cost, 
reducing response burden, protecting confidentiality). To ensure preserved utility, statistics and 
data gaps should be continuously assessed against available or emerging data sources and 
should be prioritised for completion based on consultations with all stakeholders. 

RK: Coverage 

Methodological 
soundness 

GD: The methodological soundness of statistics and data is the degree to which the statistics 
and data adhere to appropriate standards, methodologies, and scientifically recognised best 
practices. 

DD: The methodological soundness of statistics and data should be ensured by rigorously 
applying best practices, where such practices have been established, throughout all relevant 
phases of the data lifecycle. Where best practices may be lacking or limited, scientific best 
practices should be followed when generating the statistics and data and efforts should be 
directed towards establishing or enhancing such practices. 

RK: Transparency; Compliance; Alignment; Conformity; Methodological rigour; Scientific 
method 



 

 

 

  

Common quality objectives 

(Generic Definition (GD); Detailed Description (DD); Related Keywords (RK)) 

Timeliness and 
Punctuality 

GD: The timeliness of statistics and data is the degree to which the statistics and data are 
made available with minimal delay with respect to a given reference period. 
 
The punctuality of statistics and data is the degree to which the statistics and data are made 
available as scheduled in accordance with a predetermined calendar. 

DD: The timeliness of statistics and data should be determined in the context of the time period 
that permits the statistics and data to be of value for their intended use, and their availability 
should follow agreed schedules. Delays should be minimised, and schedules should be 
respected at each phase of the data lifecycle. 

RK: Frequency; Periodicity 

 

Lastly, to summarise, Figure 3 below illustrates the modular approach to quality objectives 

adopted for the new OECD QAF, incorporating the identified seven common quality objectives 

along with the equally important and complementary specific quality objectives. 

Figure 3: The modular approach to the quality objectives adopted for the new OECD 
QAF. 

 

5. Discussion 

In defining the common quality objectives for the new OECD QAF, a tabula rasa approach was 

adopted. Rather than anchoring the revisions to the quality dimensions in the 2011 OECD 

QAF, the set of common quality objectives and their definitions were developed starting from 

a clean slate and building on the foundational knowledge on quality in statistics and data, 

particularly in official statistics, advanced by the international statistical community to date (see 



 

 

 

  

Figure 1). Some of the resulting quality objectives closely mimic the quality dimensions of the 

2011 OECD QAF (e.g. Accuracy) while others have been renamed (e.g. Interpretability to 

Clarity) or dropped entirely (e.g. Credibility) (see Figure 2). 

In all cases, the structure and content of the definitions have been substantially revised. A 

quality objective definition is composed of three elements, the generic definition, the detailed 

description, and the related keywords (see Table 4). This allowed for the definition to remain 

concise (i.e. the generic definition) while providing sufficient context (i.e. the detailed 

description) and potentially widening its scope by referencing other relevant terms (i.e. the 

related keywords). In its essence, tokenising a definition into sub-elements adds some 

flexibility to otherwise rather verbose content, potentially allowing for the definition to be 

understood, processed and revised over time more easily. 

Only self-contained and measurable common quality objectives were selected for inclusion 

in the new OECD QAF (see Table 3). If a quality-related concept was not a quality objective 

(e.g. Cost-efficiency), or it was not a self-contained quality objective (e.g. Interoperability) or it 

was difficult to measure (e.g. Credibility), it was not selected for inclusion in the new OECD 

QAF. However, these quality-related concepts were either mainstreamed in the seven 

common quality objectives (e.g. Credibility is strongly reflected under Methodological 

soundness but also under all the other common quality objectives), introduced as a specific 

(combined) quality objective where relevant (e.g. Interoperability for geospatial data), or 

integrated as an overarching principle (e.g. Relevance) of the new OECD QAF (Policing and 

coordinating (governance), see Section 3). 

A substantial effort was focused on harmonising the definition once the set of common 

quality objectives was selected. One aspect of this harmonisation exercise covered the 

references to statistics and data. While much of the reviewed frameworks, guidelines, and 

recommendations referred to a mix of terms (e.g. statistics, data, data or statistics, estimates, 

statistical estimates, statistical information, estimate from a data product, data product, data 

item, statistical output, etc.) and inconsistently so even within the same reference, all 

definitions of the common quality objectives in the new OECD QAF now consistently refer to 

both statistics and data. 

Metadata, i.e. data about data, are an integral part of the data lifecycle. While the new 

OECD QAF already aimed to integrate more explicitly the data lifecycle and, hence, metadata, 

in the quality objectives, a significant additional emphasis was placed on metadata quality. 

This is, in part, illustrated by the recursive definition under Clarity, indicating that the clarity of 

statistics and data is directly related to metadata quality aligned with the seven common quality 

objectives, stating that “the metadata should be accessible, accurate, clear, coherent, 



 

 

 

  

complete, aligned with standards, and timely and punctual”. More generally, a dedicated 

section of the new OECD QAF covers the various types of metadata and defines the seven 

common quality objectives as they explicitly apply to metadata (not discussed in this paper). 

One important consideration when defining the common quality objectives was to define 

them so as to enable for the quality objective to be measured (see Section 3.3.5). This was 

achieved conceptually by indicating that a given quality objective is the degree to which some 

quality goal can be achieved (see the generic definitions (GDs) in Table 4 above). It should be 

noted that this phrasing of the definitions has been used in the 2011 OECD QAF but not 

consistently across all quality dimensions (e.g. used for Accuracy but not for Timeliness). 

During the implementation of the new OECD QAF (not discussed in this paper), substantial 

effort will be directed towards developing quantitative and qualitative quality indicators aligned 

with the quality objectives, allowing to track progress across the data lifecycle and over time, 

and thereby also supporting and promoting a culture of continuous improvement within the 

OECD. 

6. Conclusion 

This paper presented the journey towards the new OECD QAF with focus on the proposed 

revised set of quality objectives and their definitions. As work is still ongoing, these definitions 

as well as other components of the new OECD QAF continue to be discussed and refined. 

Nevertheless, this work has already provided several important insights for the update of the 

OECD QAF, and for the update of statistics and data quality assurance frameworks more 

generally. 

As digitalisation permeates nearly every aspect of our lives, alternative data sources will 

continue to emerge, coupled with the development of novel techniques and technologies, 

leading to progressively more complex data ecosystems. Meanwhile, the OECD is increasingly 

called upon to advance cross-cutting policy initiatives, making a cohesive and interconnected 

corporate data ecosystem a fundamental prerequisite for the data-driven organisation. 

Naturally, the quality of these data must continue to be assured while operating in this 

environment of increased data complexity. 

In response to these challenges, the new OECD QAF adopted a modular approach to the 

set of quality objectives to support flexibility and facilitate continuous revisions and updates, 

enabling for example, quality objectives to be added, combined or adapted to a given data 

context. Simultaneously, a system-level approach was also employed, ensuring harmonised 

definitions aiming to more explicitly integrate the entire data lifecycle, and aligning with the 



 

 

 

  

OECD decentralised statistical system (e.g. accounting for the wide variety of data sources 

used across different policy areas). 

Substantial effort during the implementation of the new OECD QAF will be directed towards 

developing measurable and, ideally, programmable quality indicators allowing to measure the 

set of quality objectives (common or specific) to an increasing degree in an automated way. 

Although implementation has not been discussed in this paper, it is anticipated that artificial 

intelligence will progressively overtake statistics and data quality assurance workflows, as has 

already been observed in other statistical and data workflows. While increased automation in 

resource-restraint production settings is typically welcomed, the underlying concerns of 

ensuring trusted data quality are unlikely to be alleviated simply by the increased 

standardisation and automation of quality assurance tasks. 

Going forward, what will drive and enhance trust in data quality, be it assured by humans 

or automated systems, is the extent to which core values and principles underpinning quality 

assurance frameworks, including the new OECD QAF , are embedded in the quality assurance 

workflows. 
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